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Abstract: The development of the digital economy leads to the loss of several jobs and the 
emergence of new jobs. It also allows labor shifting between the new jobs and the old jobs. 
This phenomenon could raise the potential for unabsorbed labor which will cause 
unemployment problems. The COVID-19 pandemic, which requires large-scale social 
restrictions (PSBB), has certainly affected the transportation sector. This study aims to 
examine the influence of the digital economy, investment, the COVID-19 pandemic, and the 
Job Creation Law on the labor market structure of the transportation sector in Indonesia. The 
research method used is quantitative. The data used are the time series from January 2018 to 
November 2020. The results of this study indicate that the digital economy has no effect on the 
structure of the labor market in the transportation sector in Indonesia. Meanwhile, investment, 
the COVID-19 pandemic, and the Job Creation Law, respectively, have a significant effect on 
the structure of the labor market in the transportation sector in Indonesia. The impact of 
investment and the COVID-19 pandemic on the labor market structure of the transportation 
sector in Indonesia is negative. Meanwhile, the effect of the Job Creation Law on the labor 
market structure of the transportation sector in Indonesia is positive. Simultaneously, the 
digital economy, investment, the COVID-19 pandemic, and the Job Creation Law affect the 
labor market structure of the transportation sector in Indonesia.  
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INTRODUCTION 
The development of information 
and communication technology changes 
economic activity. Australia's Digital 
Economy in Wijaya and Utamawati (2019) 
defined the digital economy as a social and 
economic activity in a global network with 
the support of the internet or information 
and communication technology. The 
OECD in 2015 argued that the digital 
economy grew broadly including trade (e-
commerce), education (e-learning), social 
media, transportation, and even health 
(digital medical records). In 2015 or 24 
years after www was introduced, the 
internet even has bridged the interactions of 
more than 50% of the world's population. 
Based on data from the Indonesian Internet 
Service Providers Association (APJII) in 
2020, 196.71 million active internet users 
or 73.7% of Indonesia's population in 2019 
use the internet for more than four hours a 
day. 
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Labor shifting is a phenomenon in 
which labor shifts from one sector to 
another. During the economic crisis in 
1998, labor shifting occurred from high 
productivity sectors to low productivity 
sectors to avoid unemployment (Permata et 
al., 2010). Labor shifting also occurs from 
routine jobs and low education to jobs that 
require creativity and social intelligence 
with low automation (Frey & Osborne, 
2013). This labor shifting causes the 
possibility of unabsorbed labor. 
Furthermore, the existence of unabsorbed 
workforce will cause unemployment. 
Unemployment itself is a problem for a 
country. In Indonesia, the unemployment 
rate according to World Bank data in 2020 
is 4.84% of the total workforce. This 
number is higher than the average number 
of countries in East Asia and the Pacific 
which is only 3.89%. However, the 
unemployment rate in Indonesia is still 
better than Upper Middle Income countries 
in general, which have an unemployment 
rate of 5.99%. 
The development of the digital 
economy, which can have a positive or 
negative effect on the labor market, has 
attracted the attention of researchers to 
conduct research. This research will be 
carried out using variables such as the 
digital economy, investment, the COVID-
19 pandemic, and the Job Creation Act. 
Researchs related to the influence of the 
digital economy on the structure of the 
labor market has been carried out several 
times in Indonesia. Wisana et al. (2017) 
found that Go-Jek reduce unemployment 
and create jobs. However, the research 
conducted is only based on a survey. 
Paundralingga's research (2018) has found 
that Go-Jek can also absorb labor. The 
research on the effect of the digital 
economy that will be carried out is different 
from previous research. In this research, the 
proxies of electronic money that are widely 
used in the digital economy are used. 
Researchs related to the effect of 
investment on the labor market is also 
interesting because previous studies have 
not obtained the same results. Dimas & 
Woyanti (2009) explain that investment has 
a negative effect on labor absorption. 
However, Sulistiawati (2012) succeeds in 
explaining that investment will absorb labor 
or have a positive effect. Meanwhile, 
Wasilaputri (2016) found the different 
result, namely investment has no effect on 
labor absorption. 
The research also uses the influence 
of the COVID-19 pandemic on the labor 
market. This is interesting because in early 
2020, the COVID-19 pandemic began to 
enter Indonesia. Cakranegara (2020) found 
that the COVID-19 pandemic reduced labor 
absorption. However, the study only used 
descriptive analysis. 
The research also uses the effect of 
the Job Creation Act on the labor market. 
The existence of this law is expected to 
create an ease of doing business. 
Furthermore, the ease of doing business can 
create jobs including jobs for foreign 
workers (Jumanah, 2020; Hanifah, 2021). 
Both studies are law studies that analyze the 
potential entry of foreign workers to 
Indonesia after the Job Creation Law began 
to take effect. 
Labor Market 
Demand, according to Sudarsono, is 
the maximum amount of goods or services 
needed by buyers at a certain price and time 
(Sholeh, 2007). Furthermore, as explained 
by Miller & Meiners (1997), the marginal 
value of product has an effect on labor 
demand. The marginal value of product is 
the marginal physical product times the 
price of a product. The marginal physical 
product itself is the change in the level of 
The Labor Market Structure of Transportation Sector in Indonesia: Digital Economy, Investment, 







product that comes from an increase or 
decrease in one unit of its variable input 
which is labor. Meanwhile, the labor supply 
in Sholeh (2007) is the amount of labor that 
can be provided by users of labor for a 
certain wage and time. GS Becker in Sholeh 
(2007) explains that individuals can get 
satisfaction by consuming or enjoying time, 
which is constrained by the level of income 
and time. Layard and Walters in Sholeh 
(2007) explain that the level of wages and 
non-work income affects individual 
decisions regarding leisure time. 
Government policies to increase minimum 
wages also need to be considered because 
high minimum wages will increase the use 
of digital technology (Packard & 
Montenegro, 2017). 
The Influence of The Digital Economy on 
The Structure of Labor Market 
The digital economy is “the virtual 
arena in which business is conducted, value 
is created and exchanged, transactions 
occur, and one-to-one relationship is 
mature by using any internet initiative as 
medium of exchange (Hartman et al., 
2001). Its existence can be seen from the 
growing development of business or trade 
transactions with the use of the internet as a 
medium for communication, collaboration 
and cooperation between companies or 
between individuals. The digital economy 
is an economic activity based on the 
internet digital technology. The digital 
economy is also called the internet 
economy, digital-based economy, new 
economy knowledge, or new economy 
(Tapscott, 1996). Acemoglu (1999) 
explained that theoretically information 
technology changed the job creation 
process for companies. Meanwhile, 
Jaimovich and Siu (2012), in sectoral data, 
found that a long process of technical 
change led to the loss of intermediate skill 
jobs during a recession. Autor, Levy and 
Murnane (2003) found that 
computerization replaced workers who 
performed routine, cognitive tasks and 
complemented workers who performed 
non-agile tasks. Gray (2013) studied 
employment-level evidence from the first 
half of the 20th century and found that 
electrification correlates with a shift from 
work-intensive agility skills, similar to the 
findings of Autor, Levy and Murnane 
(2003) for computerization in the late 20th 
century. Woolf (1984) found that firms 
seeked labor-saving techniques and use of 
capital in response to cheaper energy and a 
reduction of the share of labor income. 
Morin (2016) found that electricity causes 
capital intensity to increase, decreases labor 
demand, and has no effect on output. The 
effect was stronger in countries in which 
depression was more severe. Swiecki 
(2017) found that technological change is 
the main driving factor for changes in the 
structure of the labor market. Frey and 
Osborne (2013) found that computerization 
risks job loss. A research conducted by 
Woetzel et al. (2014) in China also found 
that the internet had a positive impact on the 
labor market despite some disruptions as a 
number of jobs disappeared. 
The Effect of Investment on the Labor 
Market 
Investment is purchasing one or 
more assets owned and usually have a long 
term with the expectation of getting 
benefits in the future (Sunariyah, 2013). 
Jogiyanto (2014) defines investment as a 
postponement of current consumption to be 
allocated to productive assets for a certain 
period. Meanwhile, Gitman and Joehnk 
(2010) explain investment as a means of 
placing funds in the hope of earning income 
and maintaining or increasing their value. 
Investments will absorb labor (Sulistiawati, 
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2012). However, Dimas & Woyanti (2009) 
found that investment has a negative effect 
labor absorption. Meanwhile, Wasilaputri 
(2016) found that investment has no effect 
on labor absorption. 
The Effect of COVID-19 Pandemic on 
the Labor Market 
COVID-19 pandemic has impacts 
not only on the level of public health, but 
also on the Indonesian economy. Many 
companies have had to stop their business 
activities in an effort to prevent this virus. 
In fact, many employees have contracted 
this virus. The COVID-19 pandemic has an 
impact on the economy which results in 
labor absorption (Cakranegara, 2020) 
The Job Creation Law on the Labor 
Market 
Job Creation Law is expected to 
make it easier for entrepreneurs to do 
business. Furthermore, the ease of doing 
business will create jobs including foreign 
workers (Jumanah, 2020; Hanifah, 2021). 
Research Hypotheses 
The formulation of hypothesis 
testing refers to the theory described and 
previous research, namely as follows: 
H1: The digital economy affects the 
labor market structure of the transportation 
sector 
H2: Investment affects the labor market 
structure of the transportation sector 
H3: The COVID-19 pandemic affects 
market structure transportation sector 
workers 
H4: The Job Creation Law affects the 




This study uses quantitative data, 
namely data in the form of numbers or 
qualitative data converted into numbers. 
The data is processed and analyzed in 
order to obtain a conclusion. The 
conclusion that will be obtained in this 
research is a form of influence between 
independent variables and dependent 
variables. In analyzing data, this study 
uses descriptive statistics. Sugiyono 
(2016) defines descriptive statistics as 
statistics that aim to describe data without 
drawing conclusions. Furthermore, the 
variables are analyzed using regression 
analysis, which is a technique in statistics 
to assess the effect of several variables and 
predict other variables (Kutner et.al, 
2004). 
The type of data used in this study 
is secondary data. Sugiyono (2016) 
explains that secondary data is a collection 
of data indirectly sourced from other 
parties. The party indirectly provides data 
that has been processed so that it can be 
presented to other parties. This study uses 
time series data. Time series data is a 
collection of observations in a time span 
collected in continuous time intervals 
(Widarjono, 2007). 
The research variable is something 
that the researcher determines to study so 
that the results of the information are used 
for making conclusions (Sugiyono, 2016). 
Sekaran (2016) explains that the dependent 
variable (dependent) is a variable that 
becomes the main goal to be achieved in 
research. Sugiyono (2016) defines the 
dependent variable as a variable that is 
influenced by the independent variable. The 
dependent variable in this study is the 
structure of the transportation sector labor 
market (TRANS). The proxy for the labor 
market structure of the transportation sector 
used by researchers is the number of 
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monthly airplane passengers based on data 
from the Central Statistics Agency and PT 
Angkasa Pura I and II. 
The independent variable is a 
variable whose value is not influenced or 
determined by other variables in the model. 
The independent variables of this research 
are the digital economy, investment, the 
COVID-19 pandemic, and the Job Creation 
Law. The operational definition of the 




Based on the hypothesis built on 
the theoretical basis and the variables 
mentioned in the previous section, the 
author proposes a simultaneous research 
model as follows: 
TRANSt = α0 + β1EDt + β2INVt + 
β3COVt + β4UUCKt  + εt 
Information: 
TRANS  = Labor market 
structure in the transportation sector  
t   = Month (January 
2018 to November 2020) 
ED  =  Digital economy 
INV   =  Investment 
COV  =  Covid pandemic19 
UUCK  = Job Creation Law 
RESULTS AND DISCUSSION 
Descriptive Analysis 
Descriptive statistical analysis aims 
to provide an overview of the tendency and 
distribution of data. This analysis seeks to 
describe the data that has been collected as 
it is without intending to make generally 
accepted conclusions (Sugiyono, 2016). 
The analysis used is mean, median, and 
mode for some variables. The mean is the 
average value of each variable for the entire 
company over a period of four years, the 
median is the middle value of a group of 
observations after being sorted from the 
smallest value, while the mode is the value 
that appears most frequently in the data set. 
Apart from these three measures, there are 
data dispersion measures used in this study, 
namely the highest (maximum) and lowest 
(minimum) values and the standard 
deviation (std.dev) which describe how 




Variable Operational Definition Data Source 
ED The amount of electronic money Bank Indonesia 
INV Composite Stock Price Index Bank Indonesia 
COV Pandemic COVID dummy variable Ministry of Health, National Disaster 
Relief Agency 
UUCK Job Creation Law dummy variable Regional House of Representatives, 
Ministry of Law and Human Rights 
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Table 1. Descriptive Analysis 
 
Source: Processed from the test results with EViews11 
Classical Assumption Test 
After the panel data regression 
model is selected, the next step is to 
perform the classical assumption test. The 
classical assumption test is done to ensure 
that the regression model meets the BLUE 
assumption (Best Linear Unbiased 
Estimate). The classical assumption test 
consisted of the non-heteroscedasticity test, 
the non-autocorrelation test, and the 
normality test. The stages and results of 
each classical assumption test are as 
follows. 
1. Normality Test 
The non-normality test is used to see 
whether the model in the regression has 
confounding or error variables that are 
normally distributed or not (Gujarati, 
2009). This non-normality test is 
carried out using the Jarque Bera test 
and looking at the normality graph 
processed from the EViews11 
application. The Jarque-Bera test results 
show the results of the non-normality 
test. The probability of Jarque Bera is 
worth 0.036695 which is significant at 
α = 0.05. This value causes acceptance 
of Ha, which means that the residuals 
are not normally distributed. Although 
the residuals are not normally 
distributed, based on the Central Limit 
Theorem (CLT), the sampling 
distribution curve with a sample of 30 
or more will center on the population 
parameter values and will have all the 
characteristics of a normal distribution 
(Aistleitner & Berkes, 2010; Bardet et 
al., 2008 ; Bellhouse, 2001; Colburn, 
2009; Dassau & Hasbun, 2004; Franke, 
2005; Johansen & Nielsen, 2012; 
Notohara, 2010; Park et al., 2009; 
Shashkin, 2006; Xia, 2009; Yu et al., 
2012). 
2. Non-heteroscedasticity Test 
The non-heteroscedasticity test is a 
classical assumption test in regression 
which is useful for assessing whether 
there is an inequality of variance from 
the residuals for all observations in the 
linear regression model or not. The non-
heteroscedasticity test aims to test 
whether in the regression model there is 
an inequality of residual variants from 
one observation to another (Ghozali, 
2013). A good regression model should 
fulfill homoscedastic assumptions, that 
is, a model with a variant that has a 
fixed residual value from one 
observation to another. Ha is accepted if 
Breusch-Pagan LM is significant less 
than α = 0.05. In contrast, the value of 
Prob. more than 0.05 will reject Ha and 
accept H0, which means that the 
research model is free from 
heteroscedasticity problems. The p 
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value is indicated by the Prob value. chi 
square (6) on Obs * R-Squared is 
0.5483. Because the p value is 0.5483> 
0.05, H0 is accepted which means that 
the regression model is homoscedastic. 
In other words, there is no problem with 
the assumption of non-
heteroscedasticity. 
3. Non-autocorrelation Test 
Non-autocorrelation test aims to 
determine whether there is a correlation 
between residuals in one observation 
and other observations in the regression 
model. This test can indicates a 
correlation between the variables in the 
prediction model regarding changes in 
time. A good regression model is a 
regression model that is free from 
autocorrelation problems. In this study, 
autocorrelation was tested using the 
Breusch-Godfrey Serial Correlation 
LM Test with EViews11 application 
because no lag variable is used in the 
research model.  Note the value of Prob 
Chi Square (2) which is the value p 
value of the Breusch-Godfrey Serial 
Correlation LM test, which is equal to 
0.4389 in which > 0.05 so that H0 is 
accepted. It means that there is no serial 
autocorrelation problem. 
4. Non-multicollinearity Test 
Multicollinearity is a condition showing 
a correlation between two or more 
independent variables in a regression 
model. Multicollinearity does not 
reduce the power of predictions 
simultaneously, but affects the 
predicted value of the variables 
experiencing multicollinearity. 
Multicollinearity test is conducted to 
determine whether there is a correlation 
between independent variables or not. 
A good regression model should not 
have a strong relationship or correlation 
between the independent variables. 
Researchers tested Variance Inflation 
Factors (VIF) using the VIF command 
in EViews11 application. If the VIF 
value of each variable and / or the 
average VIF value touches 10, the data 
has a multicollinearity problem. The 
table shows that there are no variables 
that have a Centered VIF value of more 
than 10, so it can be concluded that 
there are no symptoms of 
multicollinearity in the research data 
used. 
5. Linearity Test 
Linearity test is used to form new 
models and is BLUE (Best Linear 
Unbiased Estimation). Linearity test 
was performed using the Ramsey Reset 
Test. The p value shown in the 
probability column of the F-statistics 
row is 0.4919 or > 0.05, so it can be 
concluded that the independent variable 
is linear with the dependent variable. 
Regression Test 
1. Simultaneous Test (F-test) 
Simultaneous significance test (F-test) 
is used to see the effect of all 
independent variables simultaneously 
on the dependent variable. In other 
words, the F-test of this study was 
conducted to test the influence of 
variables of the Digital Economy, 
Investment, the COVID-19 Pandemic, 
and the Job Creation Law on the 
variables of the Transportation Sector 
Labor Market Structure. After the F-test 
is carried out, the researcher looks at the 
probability of the F-statistic on the 
regression results that have been done. 
The independent variable is considered 
to be proven to affect simultaneously 
the dependent variable if the probability 
value of the F-statistic is smaller than 
the value of α = 0.05. The hypothesis 
that applies to the F-test is as follows. 
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H0 : the independent variables in the 
study simultaneously have no effect on 
the labor market structure of the 
transportation sector 
Ha : the independent variables in the 
study simultaneously affect the labor 
market structure of the transportation 
sector. 
Based on the regression conducted, the 
probability value of the F-statistic 
shows the number 0.000000. This value 
is smaller than the value of α = 0.05 so 
that H0 is rejected and Ha is accepted, 
which means that the independent 
variables in the study simultaneously 
affect the structure of the labor market 
in the transportation sector. The results 
of the F-test carried out can be seen in 
the table of F-test results.
 
Table 2. Regression Test Result 
 
Source: Processed from the test results with Eviews11 
 
2. Partial Significance Test (T-tes) 
 
Unlike the simultaneous test, the partial 
test (t-test) is used to see the effect of 
each independent variable partially to 
the dependent variable. The t-test is 
done by looking at the probability value 
(p-value) of each independent variable 
then the result is compared to the 
significance level used. This study uses 
a significance level of 5% (α = 0.05). If 
an independent variable has a p-value 
below the level of significance (0.05), 
the variable is significant so that H0 is 
rejected and Ha is accepted. 
Conversely, if the p-value of a variable 
exceeds 0.05, Ha is rejected and H0 is 
accepted. The t-test was carried out 
using EViews11 application. The 
probability value of this application 
displays the level of significance for 
two-tailed hypothesis testing. The 
results of the t statistical test in this 
study are presented in the Table of 
Regression Test Results with the 
following explanation.  
The steps taken to perform the t-test are 
regressing the main research model 
using the method that has been 
previously selected by looking at the 
Prob value. for each research 
independent variable. The Regression 
Test Results table shows the coefficient 
value of each independent variable, the 
standard error value, the t-Statistic 
value, and the significance probability 
value (Prob.). The influence of the 
independent variables on the results of 
the labor market structure can be 
explained as follows: 
1. The effect of the digital economy 
(ED ) on the labor market structure 
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in the transportation sector 
(TRANS) 
The first hypothesis in this study 
provides a provisional estimate of 
the effect of the digital economy 
(ED) on the labor market structure 
in the transportation sector 
(TRANS). The null hypothesis and 
alternative hypothesis made on this 
variable are as follows: 
H0 : The digital economy (ED) has 
no effect on the labor market 
structure in the transportation sector 
(TRANS) 
Ha1: The digital economy (ED) 
affects the labor market structure in 
the transportation sector (TRANS) 
Prob Value. from the ED variable is 
0.0966. This value is above the 
value of α = 0.05. Thus, the digital 
economy variable (ED) has no 
effect on the labor market structure 
in the transportation sector 
(TRANS). Thus, Ha1 is rejected and 
H0 is accepted. 
2. The effect of Investment (INV) on 
the labor market structure in the 
transportation sector (TRANS) 
The first hypothesis in this study 
provides a provisional estimate of 
the effect of investment (INV) on 
the labor market structure in the 
transportation sector (TRANS). The 
null hypothesis and alternative 
hypothesis made on this variable are 
as follows: 
H0: Investment (INV) has no effect 
on the labor market structure in the 
transportation sector (TRANS) 
Ha1: Investment (INV) affects the 
labor market structure in the 
transportation sector (TRANS) 
Value Prob. of the INV variable is 
0.0200. This value is above the 
value of α = 0.05. Thus, the 
investment variable (INV) affects 
the labor market structure in the 
transportation sector (TRANS). 
Furthermore, Ha1 is accepted and 
H0 is rejected. 
3. The influence of COVID-19 
Pandemic (COV) on the labor 
market structure in the 
transportation sector (TRANS) 
The first hypothesis in this study 
provides a provisional estimate of 
the influence of COVID-19 
pandemic (COV) on the labor 
market structure in the 
transportation sector (TRANS). The 
null hypothesis and the alternative 
hypothesis made on this variable is 
as follows: 
H0: COVID-19 Pandemic 
(COV) does not affect the labor 
market structure in the 
transportation sector (TRANS) 
Ha1: COVID-19 Pandemic 
(COV) effect on the labor market 
structure in the transportation sector 
(TRANS) 
Prob Value. from the COVID-19 
pandemic (COV) variable is 0.0000. 
This value is still below the value of 
α = 0.05. Thus, the COVID-19 
pandemic (COV) variable has an 
effect on the labor market structure 
in the transportation sector 
(TRANS). Furthermore, Ha1 was 
accepted and H0 was rejected. 
4. The effect of the Job Creation Law 
(UUCK) on the labor market 
structure in the transportation sector 
(TRANS) 
The first hypothesis in this study 
provides a provisional estimate of 
the effect of the Employment 
Creation Law (UUCK) on the labor 
market structure in the 
transportation sector (TRANS). The 
null hypothesis and alternative 
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hypothesis made on this variable are 
as follows: 
H0 : The Job Creation Law 
(UUCK) has no effect on the labor 
market structure in the 
transportation sector (TRANS) 
Ha1 : The Job Creation Law 
(UUCK) affects the labor market 
structure in the transportation sector 
(TRANS) 
Prob Value. from the variable of the 
Job Creation Act (UUCK) is 
0.0338. This value is still below the 
value of α = 0.05. Thus, the variable 
of the Job Creation Law (UUCK) 
has an effect on the labor market 
structure in the transportation sector 
(TRANS). Furthermore, Ha1 was 
accepted and H0 was rejected. 
Based on the explanation of these 
variables, an overview of the coefficient 
values, namely the Prob value, is compiled. 
That overview has been adjusted for the 
research hypothesis that has been made. A 
summary of the regression results and their 
interpretations are described in the 
following table.
 
Table 3. Summary of Regression Result 
 
Source: Processed from the results of the EViews11 
 
The main regression equation in this study 
is as follows: 
TRANSt = α0 + β1EDt + β2INVt + 
β3COVt + β4UUCKt + εt 
After the researcher performed multiple 
linear regression analysis using EViews 
version 11, the regression equation is 
obtained with the following coefficients: 
TRANSt = 9110665 - 0.002666EDt - 
862.9158INVt - 3089530COVt + 
1056495UUCK +  εt 
The results of the equation can be 
explained as follows: 
αt is a constant or an intercept of 
the regression equation for the labor 
market structure in the transportation 
sector (TRANS) with a value of 9110665. 
This figure shows that if all independent 
variables’ value is constant, the proxy for 
the structure of the labor market in the 
transportation sector (TRANS) is worth 
9110665. 
β1 is the coefficient of the 
independent variable ED. The value of β1 
of -0.002666 indicates that if there are 
conditions that increase the digital 
economy (ED) by one basis point, the 
value of the labor market structure in the 
transportation sector (TRANS) will 
experience a decrease of 0.002666 basis 
points. These fluctuations assume that 
other factors affecting the structure of the 
transport sector labor market (TRANS) 
are constant (ceteris paribus). 
β2 is the coefficient of the 
independent investment variable (INV). 
The value of β2 of -862.9158 indicates 
that if there is an increase in investment 
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(INV) by one basis point, the value of the 
labor market structure in the 
transportation sector (TRANS) will 
decrease by 862.9158 basis points. These 
fluctuations assume that other factors 
affecting the labor market structure in the 
transportation sector (TRANS) are 
constant (ceteris paribus). 
β3 is the coefficient of the 
COVID-19 pandemic independent 
variable (COV). The value of β3 is -
3089530 indicates that in the event of a 
COVID-19 pandemic (COV), the value of 
the labor market structure in the 
transportation sector (TRANS) will 
decrease by 3089530 basis points. It 
happens based on the assumption that 
other factors affecting the labor market 
structure of the transportation sector 
(TRANS) are constant (ceteris paribus). 
β4 is the coefficient of the 
independent variable of the Job Creation 
Act (UUCK). The value of β4 of 1056495 
indicates that if the Employment Creation 
Act (UUCK) is implemented, the value of 
the labor market structure in the 
transportation sector (TRANS) will 
increase by 1056495 basis points. These 
fluctuations assume that other factors 
affecting the structure of the transport 
sector labor market (TRANS) are constant 
(ceteris paribus). 
3. Coefficient Determination 
The coefficient of determination (R2 
indicates whether a regression model 
estimated is good or not. This 
coefficient is used to measure the 
extent of the model's ability in 
explaining variations of the dependent 
variable (Ghozali, 2013). R2 value of 
this research can be seen from the 
results of the regression in this study 
which were obtained by doing 
multiple linear regression test. The 
larger the value of R2, the more 
capable indepentent variables to 
explain dependent variables. The R-
squared value in this study was 
0.817973. This value indicates that the 
research model can explain the 
variations of the labor market 
structure in the transportation sector 
(TRANS) by 81.79%, while the other 
18.21% is explained by other factors 
outside the variables studied. 
The use of R-squared can cause bias 
towards the number of independent 
variables included in the model 
(Ghozali, 2013). Each variable added 
to the research model will increase the 
R-squared value regardless of the 
significant effect of the added 
variables on the dependent variable. 
Many researchers state that a 
regression model that uses more than 
one independent variable should use 
the adjusted R-squared as an indicator 
of determination because the adjusted 
R-squared fluctuates when an 
independent variable is added to the 
model. 
The adjusted R-squared value of this 
study is 0.793703, which means that 
the structure of the labor market in the 
transportation sector (TRANS) can be 
explained by the research variable of 
79.37%. Meanwhile, the remaining 
20.63% is explained by other 
influences outside the variables 
studied. The results of the 
determination coefficient test can be 
seen in the Regression Test Results 
table. 
Implications 
Based on the results of the study, 
it is found that at the 5% level of 
confidence, the digital economy has no 
effect on the labor market in the 
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transportation sector in Indonesia. 
However, if the level of confidence 
becomes 10%, the digital economy will 
affect the structure of the labor market in 
Indonesia. These results are related to 
previous studies (Morin, 2016; Frey & 
Osborne, 2013; Cakranegara, 2020). 
However, these results refute the findings 
of previous research which states that the 
digital economy absorbs labor (Nomura, 
2015; Woetzel et al., 2014). Meanwhile, 
the influence of the investment variable on 
the labor market structure of the 
transportation sector is significant. These 
results are consistent with the research 
from Dimas & Woyanti (2009). The 
COVID-19 pandemic also affects the 
labor market structure of the 
transportation sector and is in accordance 
with previous research (Cakranegara, 
2020). And finally the Job Creation Law 
also affects the structure of the labor 
market. These results strengthen the 
results of descriptive analyzes conducted 
by previous studies (Jumanah, 2020; 
Hanifah, 2021). 
CONCLUSION 
This study is intended to determine 
the factors that affect the structure of the 
labor market in the transportation sector. 
The regression of time series data and the 
analysis that has been done have resulted in 
several conclusions regarding the variables 
studied. Investment, the COVID-19 
pandemic, and the Job Creation Law is 
proven to have an effect on the structure of 
the labor market in the transportation 
sector. Meanwhile, the digital economy has 
proven to have no effect on the labor market 
structure of the transportation sector. The 
structure of the labor market in the 
transportation sector can be explained by 
the independent variable used in the study 
of 79.37% while the remaining 20.63% is 
explained by other influences outside the 
variables studied. 
RECOMMENDATION 
The government in controlling the 
structure of the labor market should pay 
attention to the investment made by 
companies. So far, investment policies have 
focused on capital intensive, which has 
resulted in a decline in the labor market. 
The government should also be able to 
control the COVID-19 pandemic because 
the pandemic has been proven to greatly 
affect the decline in the labor market. The 
government should also issue various 
implementing provisions of the Job 
Creation Law, because it has proven to have 
an effect on improving the labor market. To 
study the digital economy variable 
especially the transportation sector, other 
proxies could be used, for example business 
circulation or the number of entrepreneurs 
utilizing information technology. 
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